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What is plagiarism?

“…the use of words, phrases, or ideas 
belonging to another, without properly citing 

or acknowledging the source.”



How to avoid plagiarizing?

By citing your sources



When to cite your sources?



bit.ly/CScitationquiz



How to cite your sources?



Some Common Citation Styles
American Chemical Society
American Institute of Physics
American Mathematical Society 
American Medical Association
American Psychological Association (6th edition)
American Society of Mechanical Engineers 
Cell
Chicago Manual of Style
IEEE
Geological Society of America 
Modern Language Association (7th edition)
National Library of Medicine
Nature
Science

There are over 7,000 in use, so find the one best suited for your purposes.



Find the IEEE Style Guide



https://www.ieee.org/documents/style_manual.pdf
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Citation Styles

IEEE



Citation Format

IEEE periodical

[1] J. K. Author, “Name of paper,” Abbrev. Title 
of Periodical, vol. x, no. x, pp. xxx-xxx, 
Abbrev. Month, year.



Citation Format

IEEE book chapter

[1] J. K. Author, “Title of chapter in the book,” in 
Title of His Published Book, xth ed. City of 
Publisher, (only U.S. State), Country: 
Abbrev. of Publisher, year, ch. x, sec. x, pp. 
xxx–xxx. 



Citation Format

IEEE webpage

[1] J. K. Author. (year). Title of webpage. 
[Online]. Available: URL, Accessed on: 
Abbrev. Month. day, year.
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On Modeling Product Advertisement in Large-Scale
Online Social Networks

Yongkun Li, Bridge Qiao Zhao, and John C. S. Lui, Fellow, IEEE, ACM

Abstract—We consider the following advertisement problem in
online social networks (OSNs). Given a fixed advertisement invest-
ment, e.g., a number of free samples that can be given away to a
small number of users, a company needs to determine the proba-
bility that users in the OSN will eventually purchase the product.
In this paper, we model OSNs as scale-free graphs (either with or
without high clustering coefficient). We employ various influence
mechanisms that govern the influence spreading in such large-scale
OSNs and use the local mean field (LMF) technique to analyze
these online social networks wherein states of nodes can be changed
by various influence mechanisms. We extend our model for adver-
tising with multiple rating levels. Extensive simulations are carried
out to validate our models, which can provide insight on designing
efficient advertising strategies in online social networks.

Index Terms—Local mean field (LMF), online social networks
(OSNs), product advertisement, viral market.

I. INTRODUCTION

I N RECENT years, advertising has become a major
commercial activity in the Internet. Traditionally, adver-

tisements are broadcast oriented, e.g., via TV or radio stations
so as to reach as many people as possible. With the development
of the Internet, new advertisement models emerge and blossom.
For example, Google provides the targeted advertisements:
when a user searches for information, related advertisements,
either products or services, are returned together with the
search results. Such targeted advertisement can enhance the
success rate for selling products. In recent years, online social
networks (OSNs) offer another new way of performing adver-
tisement. In OSNs, users are logically grouped together by one
or more specific types of interdependency such as friendship,
values, interests, ideas, etc. Since the dependency is quite
strong, if one user decides to purchase a product, he/she may
influence his/her friends and thereby increase the possibility
of sales. With the success of OSNs such as Facebook and
Myspace, advertising on OSNs is receiving more attention.
To advertise on OSNs, a company first applies advertising

strategies, either traditional or Internet-based, targeted or non-
targeted, so as to attract a small fraction of users to purchase the
product. Based on this initial fraction of buyers, a cascade of
word-of-mouth influence by users is triggered, and eventually
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a large fraction of users may decide to purchase the product.
The aim of our paper is to model advertisement in OSNs. In
particular, given a small fraction of users who have purchased
the product, what is the influence spread of such a cascade in
OSNs, and at the steady state, what is the fraction of users in
this OSN that will eventually purchase the product? Predicting
the final fraction of buyers is important for companies since one
can use this result to design efficient advertising strategies so
as to maximize their revenue. However, this is not an easy task
since various factors make the analysis difficult. The first impor-
tant factor is the topology of OSNs, which is very different from
traditional random graphs. The second important factor is that
the mechanism that determines whether a user will purchase a
product is unknown. Several conventional models such as the
independent cascade model and the linear threshold model [1]
characterize such mechanisms, and we will employ them in our
analysis later. Third, realistic OSNs are usually large in size
(e.g., with over 10 million nodes), which makes the analysis
complicated.
The contributions of this paper are the following.
• We use local mean field (LMF) to estimate the influence in
large social networks. Using the LMF, one can concentrate
on the correlation structure of local neighborhoods only,
so that one can easily derive the statistical properties of the
underlying graphs.

• We formally analyze various influence mechanisms and
propose a framework to find the final fraction of buyers
under a given mechanism for large social networks. We
also validate our models via extensive simulations.

• We extend the analysis to scale-free graphs with high clus-
tering coefficient and propose a framework to quantify the
influence in such networks.

• We extend our framework to allow users to have multiple
levels of ratings on a product and also show its effective-
ness via simulation.

The outline of this paper is as follows. In Section II, we model
the underlying OSN as an infinite scale-free random graph and
introduce the LMF model, then we present several influence
models and estimate the final fraction of buyers. We also val-
idate our analysis via simulation and reveal various factors that
affect the influence spreading. In Section III, we consider a more
realistic social network that has high clustering coefficient and
extend the local mean field model to analyze it. In Section IV,
we generalize the three influence models to deterministic model
and probabilistic model. In Section V, we extend our frame-
work to allow multiple levels of rating on a given product. Re-
lated work is given in Section VI, and Section VII concludes the
paper.

II. BASIC MODEL

In this section, we study the influence spreading in OSNs.
As stated before, users who have purchased a product can also
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