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= =t Sparse Affinity Matrix A For each pixel i, we find its K nearest neighbors (KNN)

j in the feature space and set A(i,j) as k(i,j) while others remain zero.

Layer Estimation

Estimate the content of each layer, especially at the boundary of each layer, i.e.
where0<a< 1.

/" Material Matting Result N Future Work & Conclusion
We are interested in a general alpha matting approach for the simultaneous

extraction of multiple image layers; each layer may have disjoint segments for E.

material matting not limited to foreground mattes typical of natural image Objective Function L = Laplacian matrix of A, D = diag(m), v = scribbles on i B ot i GPU Acceleration

. . . . . def g
matting. The estimated alphas also satisfy the summation constraint. current layer, m = scribbles on all layers. .Hun GPU acceleration can be applied to KNN and preconditioned conjugated gradient
method.
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The optimal solution can be found efficiently by preconditioned conjugate
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Kernel We propose a new linear function to better capture the affinity between
two pixels.
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